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Image Anomaly Detection Method Using Prompt Optimization and Normal-Image-Based Correction for VLMs
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The dissemination of image anomaly detection technologies, which are utilized for various applications, including visual inspection of products
in the industrial field, infrastructure monitoring systems, and surveillance camera systems, is driving demand for sophisticated anomaly detection
applications with the advent of vision-language models (VLMs), which enable advanced analysis by pre-training jointly on both text and images.
However, ambiguous prompts may lead to fluctuations in accuracy or excessive detections of anomalies may frequently occur.

To address these issues, Toshiba Corporation has developed a new image anomaly detection method using multiple normal images to reduce

ambiguous prompts by adjusting them in advance, as well as to suppress excessive detections by correcting images when inferring anomaly detection.

Experiments using open datasets have confirmed the effectiveness of the new method.
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