—H3h
I offf FEATURE ARTICLES

ADHEICEWSEEE ToSpeak DEERE %
M U EBEE ICE D ORI E E & Bk

Next-generation Speech Synthesis Technology based on Deep Learning with High-fidelity Human-like Speech
and ToSpeak Functionality
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Thanks to the introduction of deep learning, the underlying technologies behind speech synthesis have changed rapidly, leading to fierce competition
including new vendors in the market.

With the goal of achieving new speech synthesis technology that delivers both high fidelity comparable to human speech and ToSpeak functionality,
Toshiba Digital Solutions Corporation is currently developing a next-generation system based on deep learning. This next-generation speech technology
was developed to meet customer demands and business applications by applying deep neural network (DNN) compacting technology to achieve a
smaller size that can be used in embedded applications, and includes sequential waveform generation, prosody creation, and acoustic problem correc-
tion functionality.
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Speech synthesis system comparison
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HMM : Hidden Markov Model (BB ~<LOZ7EFIL)
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Vocoder section configuration
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Comparison with conventional evaluation method
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Vocoder section evaluation
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