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Method Enabling Simulated Bifurcation Machine to Automatically Tune Parameters of Constrained
Combinatorial Optimization Problems
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The Simulated Bifurcation Machine (SBM), a cloud service to solve combinatorial optimization problems through the use of cloud-based graphics
processing units (GPUs), makes it possible to find a nearly optimal solution to large-scale problems in a short time. However, actual combinatorial
optimization problems usually contain constraints, requiring the tuning of parameters to obtain better results. This task involves considerable time
and effort and places a heavy burden on users, thus posing a serious obstacle to practical use of the SBM.

Toshiba Digital Solutions Corporation has now developed a method that enables the SBM to tackle constrained combinatorial optimization
problems. This method automates the tuning of parameters without the need for troublesome processes, providing users with easy operation as

amanaged service.
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